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from sklearn import datasets

from sklearn.model_selection import train_test_split
from sklearn.preprocessing import StandardScaler

from sklearn.linear_model import LinearRegression

from sklearn import metrics

from sklearn.metrics import r2_score
from sklearn.metrics import mean_squared_error
from sklearn.metrics import mean_absolute_error
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boston = datasets.load_boston()
print(boston.DESCR)

X = boston.data

y = boston.target

df = pd.DataFrame(data = np.c_[x,y],columns=np.append(boston.feature_names,| )

df = df['RM, I
print(df[:5])
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#l, CHAS Charles River GXARWMAKERE, HMNZLZASHH—ME) , REMWKREFTASZ—) BNMEEN
SEX 5 B, 19404 LAt g ik B AR EMER A, Bl RABELEHRL P ORMES, BEHRABRE
TR, §10,000X SN EM=BREE, RIBER S HEE-FBIHLE, b1000 (Bk-0.63)2, HHBkRIFERB AN
el

KA OHAER, FHEE1000ETHLEEERRE.
(BREMNEREFHHEERAS, RAR%EXE, RARHE, LEJUT, WEERAEARTEZLEN~

ANLIUGL UL ALLLIUULGS . Lo LUWIGLLIL LALGEUL 1LAL PLIGULLLLYG. MCULall $aluc 4alLlllUulE LT/ 15 Walally LG LALES L.

shttribute Information (in ordex) :

- CRINM per capita crime rate by towm

- ZN proportion of residential land zoned for lots over 25,000 =q.ft.
— INDUS propoxrtion of non—retail business acres per towm

— CHAS Charlez River dummy variable (= 1 if tract bounds river; 0 otherwize)
- NOXE nitric oxides concentration (parts per 10 million)

— RN average number of rooms per dwelling

— AGE propoxrtion of owner—occupied umits built prior to 1940

— DIS weighted distances to five Boston employment centres

— RA4D index of accessibility to radial highways

— TLE full—value property—tax rate per $10,000

— PTRATIO pupil—teacher ratio by towm

-E 1000(Bk — 0.63) "2 where Bk is the proportion of blacks by town
— LSTAT % lower =tatus of the population

— MEDV Median walue of owner—occupied homes in $1000° =

BATE R AT R NE

RM MEDV
0 6.575 24.0
1 6.421 21.6
2 7185 34.7
3 6.998 334
4 7.147 36.2
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X_train,X_test, y_train, y_test =cross_validation.train_test_split(train_data,train_target,test_size=0.3, random_state=0)
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train_data: #XI5 IR ARRFIESE

train_target: X4 IR AAREE

test_size: WIRRFRE, FEO-120H, FrbEALLL; WREBHMERREANLE

random_state: &FEHLEHIFPF .
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X_train,x_test,y_train,y test = train_test_split(xy,test_size=0.2
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scaler = StandardScaler

X_train = scaler.fit_transform(x_train

X _test = scaler.transform(x_test

24 AL ERER BT NAHHUE S .

i Fsklearns LRIEZY SRR, Fscore() BB ERIMATIT 0. ¥E: BB R1.0, —BREIBHERL1.0MK, ForBEA
RERME.

linreg = LinearRegression
model = linreg.fit(x_train,y_train

model.score(x_test,y_test
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0.855877712671
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mean_squared_error(y_train,model.predict(x_train
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print‘MAEF#4i%HiR % " mean_absolute_error(y_train,model.predict(x_train)))
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