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ste-GAN-ography: Generating Steganographic Images via Adversarial Training
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Figure 1. Diagram of the training game.
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Table 1: Accuracy of distinguishing between cover and stegano-
graphic images for the steganalyzers, Eve and ATS, on the BOSS
dataset at an embedding rate of 0.4bpp.

STEGANOGRAPHIC ALGORITHM STEGANALYZER

ATS EVE
ALICE 0.97 0.88
HUGO 0.87 0.90
WOW 0.94 0.93
S-UNIWARD 0.95 0.91
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Steganographic Generative Adversarial Networks
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Figure 1: SGAN information flow diagram
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Table 1: Accuracy of the steganalyser S* trained on real images

Type of a test set \ Image generator | SGANs | DCGANs
Real images 0.962
Generated 1mages 0.501 0.522
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SSGAN: Secure Steganography Based on Generative Adversarial Networks
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Fig. 1. The SSGAN model
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