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1. Abstract
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2.1 Cover-source Mismatch
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2.2 Image Processing Pipeline
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Figure 1: Pipeline of the cover image generation process which can be decomposed into four main steps (scene, device, acqui-
sition, developing) representing parameters of the whole process.
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Figure 2: Schematic overview of the examined methodology.
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Figure 3: Influence of white balancing (Pr in %).
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Figure 4: Influence of gamma correction (Pg in %).
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Figure 5: Influence of demosaicing and development software (P in %).
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Figure 6: Confusion matrix for the supervised classification of the image processing pipeline (IPP).
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Figure 7: Comparison of Pg (in %) for the four detection strategies.
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1. Steganalysis with cover-source mismatch and a small learning database

2. Learning the image processing pipeline
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